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Graph Neural Networks for Recommender Systems
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Deep Sub-Modular Networks and Its Applications to Document Summarization
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1. Introduction to NLP
2. NLP Challenges Acee—q:Ye
3. Different types and formats of Text Data
o il
1. Word Embedding & Representation (non-Contextualized, Contextualized)
a. Monolingual NLP Models Y
b. Multilingual NLP Models
2. Sentence Embedding & Representation
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1. Background on Containers
a. Containers and OCI standard Overview.
b. How Containers Work.
c. How OCI images are built.
2. Container Orchestration & Kubernetes Introduction IYieVY Y
a. Service oriented and micro-service architectures overview.
Microservices and use of containers. Container Orchestration
b. Kubernetes (Architecture Overview, Major Concepts, Abilities and
Limits, Overview of next part)
o il
1. Kubernetes at any scale. Using Kubernetes for different workloads
a. Challenges for small scale deployments! Challenges for large scale
deployments!
b. Why to use Kubernetes at small scales. Why to use Kubernetes at
Iarge.scales. P RRTI
c. Solutions for challenges
d. Kubernetes modular approach, Distributions, Addons and Extensions
+ Operators + Tools
e. Different Workloads (e.g., compute intensive workloads,
heterogeneous clusters, ...)
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1. Introduction to machine leaning & machine learning tools
2. machine learning applications Examples
3. Life cycle of a machine learning project
a. Data collection 17—V Azee
b. Data cleaning & data preprocessing
c. Model selection
d. Model evaluation
ol pwl
1. Example of implementing a project using python
a. Data collection
b. Data cleaning & data preprocessing AW e—Yoree

c. Model selection
d. Model evaluation




